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EEHL AL e Hodgkin and Huxley, 1952 [6] :
¢ Nobukawa et al. 2018 [11]

o Ebato et al. 2021 [20] 5
* Matsumoto et al. 2023 (1,2) [21,22]

¢ Nobukawa and Nishimura 2016 [16]5

i+ Nobukawa et al. 2015 [15], 2017 [14]

e Wagatsuma et al. 2023 [17]5

''s Kumano et al. 2022 [46]
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I - BRI X o THEZ & N AR ED IS, deltaJk (2
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beta i (13~30 [Hz]), gamma i (30~60 [Hz]) ® &
VRN REAH D LTV . X — RTINS
&9 % &I O JRPTHY 2 RSB OIREY 12 & JE PR
OB 0% { & FENDH D) IR OGS 2 3 2
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e
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EHIZEESOMETIV—T T, TNSDETIVEFI
L COREMEBICBUAH ) A28 NZ EFLT 57
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